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reasons. So, the homogenization procedure for such a data set is 0
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All of time series related to GNSS atmospheric products (e.g. Integrated
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Water Vapor (IWV), Zenith Total Delay(ZTD), Slant Total Delay(STD),

Pressure and Temperature) can be generally considered as a combination of 1- GFZ near real time GNSS-derived atmospheric products based on precise
some additive components. point positioning (PPP) technique (more than 300 stations in Germany)

F = (fi, fo, ., fn), fieR, i=1,2,...,N 2- ERA-Interim, a reanalysis product by ECMWF (simulated at each station
as the reference data set)
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- - Integrated Water Vapnr for statlnn 0897 (Berhn) Differenced IWV time series for station 0897 (berlin)
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Results of homogeneity check for two sample stations in Germany

Homogeneity check for differenced IWV time series (ERAI - GNSS) - Sensitivity: 0.5 mm
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Homogeneity check for ERAI IWV time series (without periodic & meteorological components) - Sensitivity: 0.2 mm
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3- Grouping Singular Values and Corresponding Singular Vectors: L B L
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series analysis including denoising, anomaly assessment, gap filling,
periodicity reduction and change point detection.

¢ Although a rather homogeneous reference time series is usually used in
data homogenization, existence of inhomogeneities in the reference time
series has been given a serious consideration in this work. For this reason,
a zero-difference homogenization process is being developed which its first
results are shown in the result section of this poster.

¢ The proposed method can detect all of the possible change points
simultaneously, so it can significantly enhance the process of
homogenization and simplifies the automation procedure. The method
generally is applicable on other time series.
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